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Abstract

This independent study is research how to apply
between the UAV technology, deep learning technology and
support vector machine (SVM) technical to detect building
in image. The image data source is come from PTT Public
Company Limited. In data preparation process will have sub
process as data selection process, data augmentation process
by crop, horizontal flips, rotation. The total data were split-
ted to 80% for training and 20% of testing. For model SVM,
the technic for feature extraction step is Histogram of Orient-
ed Gradient (HOG). For both model will vary value of many

parameters to find the best result of its.
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3.4.2 SVM Model
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4.1.2 Model SVM
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M 19 Accuracy Result Trend after 20 Round Training

with ReLu Function
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MW 24 Classification report after 20 rounds training with

categorical loss function
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WA 25 Classification report after 20 rounds training with

Binary loss function
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- Accuracy Training Dataset = 97%
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Abstract
Space Operation Center RTAF installed a telescope
for space situational awareness operation at Doi Inthanon

Reporting Post which has disadvantages in inclement weather

and air humidity fluctuations that are difficult to predict. These
disadvantages directly affect operation planning. The aim
of this study was to train a forecasting model of air humidity
level for each period at night using weather data that collected
during the daytime, such as data obtained from the
Davis weather station, Doi Inthanon National Park, Northern
Meteorological Department, and Pollution Control
Department. In order to obtain an effective forecasting model
for air humidity, in this study, four time-series forecasting
algorithms were selected as follows: 1. Autoregressive
integrated moving average (ARIMA) 2. Feed-Forward Neural
Network 3. Long Short-Term Memory with 1 parameter and 4.
Long Short-Term Memory with 5 parameters. After comparing
the root mean square error (RMSE) value of each model.
The Long Short-Term Memory algorithm with 1 parameter

provides the best forecasting result.
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Abstract

In this independent study, consumption values con-
cepts and theories are used as literatures review for a research
framework to investigate consumption behaviors about online
games revenue strategies. The study found that price utility,
aesthetics, and satisfaction with the game were factors affecting
purchase intention for the Battle Pass to consume virtual goods
in online games. The results can be used to guide companies
in establishing consumer-responsive marketing strategies for
virtual-related businesses.
Keywords: consumer behavior, online games, revenue model,

purchase intention, virtual goods
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Abstract

The objective of this research was to study the factors
affecting the use of a mobile application to reserve a hotel and
a trip through the Expedia platform. The findings found that the
factors affecting the use of the mobile application to reserve
a hotel and a trip were 1) designing mobile applications to be
easy to use, simple, stable, secured, and creating good user
experiences, 2) offering

the best price and variety of products, and 3) providing

the fast and accessible channels for customer services.

In addition, the results could be the guidelines
for improvement of Expedia’s mobile application and ser-
vices to provide user experience and satisfaction with accuracy
and efficiency.

Keywords Mobile application, User Satisfaction, Expedia platform
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Abstract

The purpose of this independent study is to develop
guidelines for developing digital skills of civil servants using
one government agency in Thailand as a case study. The data
are collected through the digital skills readiness survey test,
to identify the gap of essential digital skills for work.
The analysis results show that (1) Executive should be promot-
ed in problem analysis and identifying solutions to problems
arising in the work process. (2) Manager should be promoted

in preparation of an organizational resource investment plan,

including setting indicators in the investment plan as well
as monitoring and evaluation of resource utilization. (3)
Academic position should be promoted in data disclosure
standards including techniques for analyzing and categorizing
information in the organization. (4) service position should
be promoted in service quality evaluation and suggestions
gathering technique. (5) Technology Specialists should

be promoted in developing Software Development Life Cycle.
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Abstract

This article is to study the preparation and readiness
of Small and Medium-sized Enterprises (SMEs) in industrial
laundry business, to adopt and implement Enterprise Resource
Planning (ERP) system.

With the use of purposive sampling method. The re-
search instrument used are in-depth interview and observation, in
order conclude and illustrate the current operational process into
a written business process flowchart. Then, applying
Benchmarking Methodology and Lean Thinking framework
to improve overall operational processes.

The result of this study shows that SMEs in industrial

laundry business should transfer data from paper to electronic
form (database), and input this electronic data into ERP system
(ERP package).
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